2 i

%, 18381305006 % 18381305006@163.com T 1993.05 oy
FETL: )17 HOATHSR: ikt oy
HERZE ‘?,
hEFRE 985 211 AR -1 B R R 2021.09-2026.06
EHRIES TR Wt BRI E: ATERE. NLP. By k¥dE. siREE
i Er K% QStopld B2 G- HAR R E 5 S R 2025.01-2025.12
EHREE TR CSC ®BhiZ%: WA M: ALTERE. NLP. B REEE. KFEFIHELRE
REETRY 211 N AR G N S LA N SV TR 2017.09-2020.06
TR TR mt  BrRFE: ATERE. NLP. BEiFNE. /58
)1 [E4 T K% WAk 2ERE -2 4 & 2013.09-2017.06
4 TR AR BIRTE: RAEVHE
AHHF R
> WX

[1] RILEANT), B, XFF. I T 4G TR B2 SRR I 98 R S48 1 00 5 2 28 7T [0, TR, 2021, 40(2):
145-151. (3T LIT)

[2] WKL F(HT), B, HHER, et. al. A Chinese medical named entity recognition method considering length diversity of
entities[J]. Engineering Applications of Artificial Intelligence, 2025, 150: 110649. (Q1, IF: 8.0)

[3] BAEefE, B EFE—), 5KNN. Can deep learning technology really recognize Mpox? A positive response from the
EfficientNet model[J]. Frontiers in Microbiology, 2025, 16: 1627311. (Q1, IF: 4.5)

[4] ¥ETFoT, 5k45:, BRGE). Multimodal user-generated content analysis for digital cultural tourism: An explainable
machine learning approach to tourist satisfaction. Annals of Tourism Research Empirical Insights. 2026. (Q1, IF: 4.1)

[5] & pity, 5K 5, B, Al vs. Human: A large-scale analysis of Al-generated fake reviews, human-generated fake
reviews and authentic reviews. Journal of Retailing and Consumer Services, 2025, 87: 104400. (Q1, IF: 13.1)

[6] =i%E, S~ERIE, B7E, et. al. An interpretable and cross lingual method for evaluating second-language dialogues[C].
NAACL, 2025: 1979-2008. (NLP Ti£)

[7] B, BT, A flow-enhanced Transformer for long-horizon multivariate time-series forecasting with application to
PEM electrolyzer performance. Expert Systems with Applications. (Q1, IF: 7.5, —#%#3)

[8] B &, & X K. Tabformer: A deep neural network for integrating time-variant and time-invariant information.
Engineering Applications of Artificial Intelligence. (Q1, IF: 8.0, =)

[9] BE, K45, H4EK, et. al. A deep learning-based sustainability medicare fraud detection method. Production and
Operations Management (Q1, IF: 5.1, UTD, ##&H)

> BH
(1] SKELF(HS), B, B0, e g Sikin gl ik, S8, o TR AR LR WEF]. (B8
[2] KAFIES), B, S0, —FERRVERDITEM RS EHR]. (BIRN)

-

4



REZM

> (WA KHRESXEDE DRG BRI RBCEE TR Y (& %R FHESEH  2022.05-2024.06
E¥5: PPEERIESH AR, By EERE, EriRSURARE, LU =ERE) . SR &b
MOGEHEE T, SEi) 4292 DRG SOAT 7 sUAE AT 500, B (RA SR e TAR R & B 0 5 P A e
THE: AWFEIRM DRG 47 RAIEME. SERHIAI DRG SZFRBITHRIARME. 318 55%E DRG A7 RINAE
Mo B2, VPSR EG BELS R AER T, DO OREH ot = 2 ZEok s R, P [EISGIE DRG 4340 5 &1
BHEVE, DU NS SRR ILSE; A5, HE DRG BT RCRIEMTEIR S %R, LLEhi&ls DRG 4+
T RIS B FA RN )5, BEM BRI LRI R R W R 7
BR: ZIES AT AREREYE. 100 ZHERESHE, #lE T DRG BITERMMM AR, BE 7 K04
Pl 20 Rty GRRXZWEEERF).
> (KEHELTR TR TEKIHEAIHC S ZiRkFTE ML) (BEERD HESH  2021.05-2022.05
Hin: ETELIPRAUHCESE, 20 1R s a7 NRRE, 298075 AR I 75 5K, i He ik H 1)
My, FEH T R R 2 BRI L A AR AT R -
TAE: MERIFATEMENIEFEIESE . Bk, DIELRIEFa (LML) R, TCHTELVFE I 2 S5
WG, BHEEYE. UGS SRR 55 Ba, R s BYE R S 0T, MR EE .
BRR: WE T HTFMENRIFERES R TR SESRFEIEE, HIRE Sk+Fa, i 700w+ TR fiEig 5L
REGEF . RS REHAE, BN ZEIREERE 5/ SCI BT,
> (KREEFRETRREFHN SRR EZEBERBEHR) (EHRD BEESE  2017.10-2020.03
Es: FIFH KRB AT RIRFE S ST H AR RSB SRR A, U S A B 58 R A D B, T Ao B3 7 B o o
PRALRL A S 5 5 S FE
THE: MBETHFEMHRREMHFRAG0BER, ok, BTFRREREAERCR, BHUE R ERLRE
H5IMARR; A5, 1HBEARAH CNN JREUS 2 [FRHES S LSTM HEmS A F FIRHIE S B MLP 2% 23
MAE B SRR SR B, TR 5,477 xR RFMHHIES 2,815 2 8 HT M3 T I
BRE: REBEMRPIEMS KRS HIET] 99.55%F 94.82%, FH1E (FBIRFER) (hHXBL) RE—EBX.
> (ETREENEGRESITRENEEHRA) (ZEFAEEZIRHT TR ik 2018.05-2018.08
BAR: R REHE - AR e BA RS @5 S AT BT 77 %6, B ORIE B AC B e i 5 2 bt Mgt sy
BT A B RO
THE: WERGEESTIAEE, FIF VISSIM ff EHMAEMEAE. Bk, FIH KBRS AR IR @R R
TR = e BE SR R ARG, R DU N I A KB AT B0 B AR 2 H AR LRI, R & Sk
SRR R IEARAGR AR B Ja, A VISSIM 1 AR A4 7 22 SC 8 1 p (1) 2% X 4%, B UE AN 2R P A7 Rk o
BR: RE—FESNMERESIRN TR, FER=EFXK",

EERE

2019.05, BIH T A4 N 2ERE 2018 FEFE, 3K “HBZ B HERS,
2018.09, FINH T K% 2017-2018 4EF, 3K “RE=UFRFTRAE" FRT;
2018.07, #FFjm “AEBFAEREIRT” w5%, IR el =%,
2014.09, ZRERIMFLF—, RIK “EREYE"

2014.09, DYJI#4L TR 2013-2014 4FFE, ZE3% “ARF52E T8,

B KA

> WHTERTE, TRTERTHE. BN Eg2d, BRRFRHITEE), RN AEERRMEN; 1A
ARFFQIHTRE I, BER R AR, AWTHESIBORFIBL & B GURT: DRAF ™ T I AR X, B ORAE 55 v o 56 il

> BAEHRYE, MEERE. RAEORKPULRES), REWAEIR I AT ORFFAE, 2828 DURMLL A 427 LU RIS Bk
il WIRERREZ G, WEAT, IRARRRN OGSO IRMAE, 08EE & H .






MR- R &
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(1) A Chinese medical named entity recognition method considering length diversity of entities
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(3) A deep learning-based sustainability medicare fraud detection method
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(4) KIICD: A knowledge-guided interpretable ICD automatic coding method
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(1) A flow-enhanced Transformer for long-horizon multivariate time-series forecasting with application to PEM
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(2) Tabformer: A deep neural network for integrating time-variant and time-invariant information
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